
Abusive language / 
Hate speech et similia




✤ Abusive language: umbrella term, which covers several related phenomena

✤ The definition puzzle

✤ Relation between topical focuses in abusive language phenomena

✤ Offensiveness intersects with abusiveness, but includes also phenomena which are not abusive (cathartic swearing)

✤ Ontological modeling can help -> O’Dang! The Ontology of Dangerous Speech Messages.

Hate speech and defining aspects

Fabio  Poletto,  Valerio  Basile,  Manuela  Sanguinetti, Cristina Bosco, and Viviana Patti. 2020.  Resources and Benchmark Corpora  
for Hate Speech Detection: a  Systematic  Review. Journal of Language Resources and Evaluation. Springer.



Hate speech and defining aspects

✤ How to define the boundaries? 

✤ Free speech (sayable and unspeakable)

✤ Toxic speech and blurred boundaries

✤ Offensiveness (swearing)

✤ Hate speech: key aspects in many definitions:

✤ Incitement to hatred towards a target belonging to a vulnerable category.

✤ Expressions of hate consist of verbal attacks that incite violence and discrimination against 
individuals or entire groups characterized by a particular race or ethnicity (Africans, 
Roma, etc.), religion (Muslims, Jews, etc.), gender (women), or sexual orientation.

✤ Minorities or (marginalized) groups with a long history of discrimination. 



Debate on  
illegal hate speech

Governments: laws
Companies, social media 
platforms: content moderation
Hate campaigns: not just a single 
post
Peaks of escalation! Identifying 
the moments of change could be 
important! Longitudinal NLP  
could play a role (Maria Liakata)

Subscribing to the code  
the ICT companies have  

agreed to commit to  
remove the hateful contents  

within 24 hours from the notification



Hate speech and defining aspects

Hate speech detection 
Task definition

✤ Hate speech is commonly defined as any communication that is abusive, insulting, intimidating, 
harassing, and/or incites to violence, hatred, or discrimination, and it is directed against a  person 
or a group belonging to a vulnerable category on the basis of some characteristics: 

✤ race, race, ethnic origin, religion, gender, age, physical condition, disability, sexual 
orientation, political conviction (Erjavec and Kovačič 2012)

✤ Binary classification task:

``decide whether a given message is a hateful speech   
utterance or a harmless one against a given target”

✤ Online hate is expressed in different forms depending on the subject against whom it is targeted 

✤ Target oriented nature of hate speech

✤ Vulnerable category

✤ Inciting hate or violence



Hate speech and defining aspects

Operational Definitions for Annotators
✤ Hate speech is commonly defined as any communication that is abusive, insulting, intimidating, harassing, and/or 

incites to violence, hatred, or discrimination, and it is directed against a  person or a group belonging to a vulnerable 
category on the basis of some characteristics:

✤ race, race, ethnic origin, religion, gender, age, physical condition, disability, sexual orientation, political conviction.

✤ Operational definition (Sanguinetti et. al., 2018) 

✤ Hate speech and Offensive language: different dimensions



Example

Developing corpora 

for hate speech

✤ Selecting data samples 

✤ Collect data from sources representative of  the phenomena to be studied

✤ Filter data by keywords and hashtags representing: 

✤ Hate speech targets > e.g. women, immigrants (Romas, Muslims, …)

✤ Forms of hate speech > misogyny, racism, xenophobia, religious 
hate..

✤ Monitoring potential victims of hate accounts, downloading the 
history of identified haters and filtering Twitter streams with 
keywords, i.e. words, hashtags and stems!



Developing corpora 

for hate speech



Example

Developing corpora 

for hate speech

✤ Human annotation

✤ Annotation scheme / Multilayered annotation schemes

✤ Define a set of labels oriented to made explicit the presence of hate 
speech … in  texts, starting from some operational definition 

✤ Coarse-grained: Hateful? Yes or no

✤ Fine-grained: e.g. more relevant aspects characterizing hate 
(e.g. stereotypes, offensive attitude, aggressive attitude) 

✤ The entity towards which the hate is expressed (target)

✤ The presence of figurative use of language: irony



Benchmark corpora & 
Multilingual Perspective 

✤ Very high number of resources and benchmark corpora for many different languages 
developed in a very narrow time span

✤ This confirms the growing interest of the community around abusive language in social 
media (and HS detection in particular)

Fabio Poletto, Valerio Basile, Manuela Sanguinetti, Cristina Bosco, Viviana Patti: Resources and benchmark corpora for hate speech detection: a 
systematic review. Lang. Resour. Evaluation 55(2): 477-523 (2021)



Example 
Hate Speech Corpus

✤                               (http://twita.di.unito.it/ ) is a collection of texts from Twitter in 
Italian language that is continuously going on since 2012

✤ Hate target: immigrants

✤ Smaller datasets extracted from the main collection TWITA and filtered 
according to set of carefully selected keywords representing hate speech against 
migrants

✤ An annotation scheme was designed for making explicit the main 
features of hate speech: stereotypes, aggressive attitude…

✤ HS as a complex and multi-layered concept

✤ Multilayered annotation scheme

✤ Teams of annotators for applying the annotation on the datasets

✤ Guidelines: https://github.com/msang/hate-speech-corpus 

✤ Crowdsourcing experiments for enlarging the datasets and collecting opinions 
of several people about what hate speech is

Manuela Sanguinetti, Fabio Poletto, Cristina Bosco, Viviana Patti, Marco 
Stranisci. An Italian Twitter Corpus of Hate Speech against Immigrants. In 
Proceedings of the 11th International Conference on Language Resources and 
Evaluation (LREC 2018), Miyazaki, Japan, May 7-12, 2018. 

http://twita.di.unito.it/
https://github.com/msang/hate-speech-corpus
https://aclanthology.org/L18-1443/


Semeval 2019- task 5: multilingual detection 
of hate against immigrants and women

Twitter data

Hate Targets 
> Immigrants: especially raised by political changes occurred in the last few years. Governments and 
policy makers are currently trying to address the issue
> Women: hate against the female gender: long-time well-known form of discrimination 

Cascade tasks 
> Hateful tweets against targets:  yes/no
   > Finer-grained aspects of hateful tweets:
       > Incitement is against specific individuals/groups of people
       > Aggressive behavior

Multilingual tasks
> English & Spanish

https://competitions.codalab.org/competitions/19935
Annotation guidelines:  https://github.com/msang/hateval/blob/master/annotation_guidelines.md 

https://competitions.codalab.org/competitions/19935
https://github.com/msang/hateval/blob/master/annotation_guidelines.md


Task A: Hateful? yes, no   
Predict whether a tweet in English or Spanish with target women or immigrants 
contains HS or not.

Hateful?

[hateful] @USER_345234 @USER_372644 Shut the fuck up. Your a 
fucking cunt. Shut the fuck up. Your a stupid cunt suck my dick

[non-hateful] Karma is a bitch.

Semeval 2019- task 5: multilingual detection 
of hate against immigrants and women

X

X



Semeval 2019- task 5: multilingual detection 
of hate against immigrants and women

Task B: Is a hateful tweet also aggressive?  yes, no
           Is a hateful tweet against an individual or generic 
                                                       target? individual, generic

Target: 
   individual (including hateful messages purposely sent to a specific target)
   generic (referring to hateful messages posted to many potential receivers)

Aggressive?

@USER_NAME Stupid ugly cunt who needs to die 

Is the target individual or generic?

Women should kindly stay in the kitchen

X

Hate speech on line

Off line violence



Multilingual and multitarget perspective  
Hate against immigrants and women

✤ Training data
Women Immigrants

Valerio Basile, Cristina Bosco, Elisabetta Fersini, Debora Nozza, Viviana Patti, Francisco Manuel Rangel Pardo, Paolo Rosso,  
Manuela Sanguinetti. 2019. SemEval-2019 Task 5: Multilingual Detection of Hate Speech Against Immigrants and Women in 

Twitter. SemEval@NAACL-HLT 2019: 54-63



Multilingual and multitarget perspective  
Hate against immigrants and women
✤ Women are frequent target online abuse in several countries: 

✤ Some data-driven evidences: 

✤ Violation of the patriarchal norm

✤ In  our corpora (not only Italian) we clearly find traces of the fact that often the trigger for the misogynistic attack, 
even online, is the so-called violation of the patriarchal norm by the single woman (Kate Manne, "Down girl”)

✤ Online misogyny often targets a specific person and not a category.

✤ Especially the woman who plays a social role traditionally considered male is the subject of online 
misogynistic attacks: woman in politics, the scientist, the leader of an ecological movement

✤ The verbal violence of the hater targets the single woman, accompanied by the desire to threaten her integrity, with 
a greater danger of interference with real life and a transition from verbal violence online to physical offline

✤ The case of hate speech towards migrants is different: 
 ingroup / outgroup dynamics studied by social psychology come into play. We have seen in the data that this is 
reflected in a verbal expression where the category tends to be hit (the category of immigrants is inferior and 
constitutes a threat)

✤ Hate speech and populist rhetoric (Comandini and Patti, 2019)
Gloria Comandini and Viviana Patti. 2019. An Impossible Dialogue! Nominal Utterances and Populist Rhetoric in an Italian Twitter Corpus of Hate Speech against Immigrants. In Proceedings of 

the Third Workshop on Abusive Language Online, pages 163–171, Florence, Italy. ACL.



Same Target Different 
Topical Focus

Misogyny vs sexism

✤ Philosophical debate on 
whether sexism and misogyny are distinct 
concepts (Manne, 2017), or whether misogynistic speech 
is hate speech (Richardson-Self, 2018)

✤ In (Pamungkas et al., 2020) cross-domain experiments 
provide some empirical results interesting for this debate:

✤ Hate speech toward women has a stronger relation 
to misogyny than sexism. 

✤ This is in line with recent philosophical accounts 
theorizing misogyny and sexism as related 
but distinct mechanisms that enforce the norms of 
patriarchy (Manne, 2017), and arguing for 
considering misogynistic speech as a specific kind of 
hate speech (Richardson-Self, 2018).

Endang Wahyu Pamungkas, Valerio Basile and Viviana Patti. 2020 
Misogyny Detection in Twitter: a Multilingual and Cross-Domain Study,  
Information Processing & Management, Elsevier. 

https://www.sciencedirect.com/science/article/abs/pii/S0306457320308554
https://www.sciencedirect.com/science/article/abs/pii/S0306457320308554


Hate Speech Detection 
HaSpeeDe 
2018

✤ HaSpeeDe (Hate Speech Detection) 
shared task at Evalita 2018

✤ http://www.di.unito.it/
~tutreeb/haspeede-evalita18/
index.html

✤ Course-grained binary task: 
automatically annotate messages with a 
binary value (0 or 1) indicating the 
presence (or not) of hate speech 

✤ Task main purpose: encourage and 
promote the participation of several 
research groups, making a shared dataset 
available in order to allow an 
advancement in the state of the art in this 
field for Italian tools as well.

X

http://www.di.unito.it/~tutreeb/haspeede-evalita18/index.html
http://www.di.unito.it/~tutreeb/haspeede-evalita18/index.html
http://www.di.unito.it/~tutreeb/haspeede-evalita18/index.html


Hate Speech Detection 

HaSpeeDe 2018



New targets

HODI

HODI is structured on two subtasks:

Subtask A
Hate speech detection: this is a bi- nary 
classification task,  where systems are challenged to 
classify a  
message is hateful or not against LGBTQIA+ 
community.

Subtask B
Explainability: once a message is classified as 
hateful, the objective is to identify the rationales of 
the classification model, i.e.,  
those tokens in the sequence that contributed to the 
flagging of the message.



New targets

✤ Hate speech is commonly defined as any communication that is abusive, insulting, 
intimidating, harassing, and/or incites to violence, hatred, or discrimination, and it is 
directed against a  person or a group belonging to a vulnerable category on the basis of 
some characteristics:

✤ race, race, ethnic origin, religion, gender, age, physical condition, disability, sexual 
orientation, political conviction

Political and Religious Hate Speech Detection



Hidden bias? New Challenges! 
From hate speech ,..

to microaggressions, stereotypes, unconscious bias

✤ Implicit hate

✤ Stereotypes behind hate

✤ Among the notions investigated for their relationships with toxic speech and related phenomena, 
stereotype is raising particular interest: it can play a leading role in novel detection tools and 
resource

✤ Stereotype has been studied in social psychology: 
inherently complex phenomenon that we can observe in a fine-grained way 

✤ We can distinguish stereotype from the evaluative and  
affective dimension of prejudice and from  
the specific forms of discredit it assumes

✤ STudying European Racial Hoaxes and sterEOTYPES



HaSpeeDe 2 @ Evalita 2020

Stereotype Detection

Observation: in social media and newspapers’ headlines,  
the most hateful parts are often verbless sentences or a verbless 
fragments, also known as Nominal Utterances (NUs)newspapers’ 
headlines, the most hateful parts are often verbless sentences or a 
verbless fragments, also known as Nominal Utterances (NUs)
-> Walter Daelemans’s Keynote



Stereotypes and hoaxes

Conversational context

collection/annotation

✤ https://www.irit.fr/sterheotypes/ 

Tom Bourgeade, Alessandra Teresa Cignarella, Simona Frenda, Mario Laurent, Wolfgang 
Schmeisser-Nieto, Farah Benamara, Cristina Bosco, Véronique Moriceau, Viviana 

Patti, Mariona Taulé: A Multilingual Dataset of Racial Stereotypes in Social Media 
Conversational Threads. EACL (Findings) 2023: 674-684

https://www.irit.fr/sterheotypes/


Stereotypes and hoaxes

Conversational context

collection/annotation

✤ https://www.irit.fr/sterheotypes/ 

Conversational context

Tom Bourgeade, Alessandra Teresa Cignarella, Simona Frenda, Mario Laurent, Wolfgang 
Schmeisser-Nieto, Farah Benamara, Cristina Bosco, Véronique Moriceau, Viviana 

Patti, Mariona Taulé: A Multilingual Dataset of Racial Stereotypes in Social Media 
Conversational Threads. EACL (Findings) 2023: 674-684

Stereotype Content Model 
proposed by Fiske (1998)

https://www.irit.fr/sterheotypes/


PW1: Practical Lab, Dec 4

✤ Recognising canceling attitudes:  
an annotation task

Marco STRANISCI


